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Machine Learning – Predictive Maintenance
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…
#DataCleaning Part
plt.figure(figsize=(12, 7))
sns.boxplot(x='Pclass',y='Age',data=train,palette='winter')
train['Age'] = 
train[['Age','Pclass']].apply(impute_age,axis=1)
sns.heatmap(train.isnull(),yticklabels=False,cbar=False,cmap
='viridis‘)
…
train.drop('Cabin',axis=1,inplace=True)
train.head()
train.dropna(inplace=True)
train.info()
sex = pd.get_dummies(train['Sex'],drop_first=True)
embark = pd.get_dummies(train['Embarked'],drop_first=True)
train.drop(['Sex','Embarked','Name','Ticket'],axis=1,inplace
=True)
train = pd.concat([train,sex,embark],axis=1)
train.head()
#ML Part
from sklearn.model_selection import train_test_split
X_train, X_test, y_train, y_test = 
train_test_split(train.drop('Survived',axis=1), 

train['Survived'], test_size=0.30, 
random_state=101)

from sklearn.linear_model import LogisticRegression
logmodel = LogisticRegression(max_iter=1000)
logmodel.fit(X_train,y_train)
predictions = logmodel.predict(X_test)
…
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• Automatisches 
Feature 
Engineering

• Unterstützung von 
Strings (NLP)

• Automatische 
Anwendung von 
ML-Algorithmen

• Automatische 
Validierung und 
Iteration

• Auswahl des 
optimalsten 
Algorithmus

• Keine Programmierung 
für das ML-Training 
notwendig

• Alternative ML-
Provider

• PMML Import
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InterSystems AutoML – die SQL-Schnittstelle



CREATE MODEL <model name>

PREDICTING(<label>)

FROM <table/view>

ML-Modell 
Definition
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CREATE MODEL <model name>

PREDICTING(<label>)

FROM <table/view>

TRAIN MODEL <model name>

SELECT PREDICT(<model name>)

FROM <table/view/record>

ML-Modell 
Definition

Trainiertes
ML-Modell

Vorhergesagtes
Ergebnis

InterSystems AutoML – die SQL-Schnittstelle



InterSystems AutoML – Demo



Dankeschön
Gibt es Fragen?


